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BB =4 Label ; & E =1 Label ; 58{k\.=Reward,

Linear=1#{{#{H ; Logistic=/3%A ; K-Means=743# ; PCA=[&#E,

CNN=[E{ ; RNN=¥31 ; LSTM=RHKHHE ; GAN=Epfas + #H1 2,

Overfitting=#ll##i4r, HF7= ; Regularization / Early Stopping / Data Augmentation =] FAK R,
Loss fiir iR 72 ; Gradient Descent #x/IMb Loss ; Cross Validation FF{hFE &,

S Al =238/ A 5 AR Al=ZE RO & L,

GAN : Generator /£, Discriminator i ; VAE : Encoder+Decoder ; Diffusion : JNEERA— b L4
o

BATER - AR Al EAEGRY/IGEE, ERI AL 88 EERAE, AF, BEMRERNLE,

bk
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